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» DCNN (Deep Convolution Neural Network)
» CAM (Class Activation Map)
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« Steel Surface Defect Diagnostics Using Deep Convolutional Neural Network and Class Activation Map
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e Layer-Wise Relevance Propagation for Explaining Deep Neural Network Decisions in MRI-Based
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s LightGBM (Light Gradient Boosting Model)
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s LIME (Local Interpretable Model-agnostic Explanation)
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